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PROBLEM EXPECTED RESULTS

o Transformers excel in scalability and multimodal
modeling, driving their widespread adoption in

multimodal applications. _
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e Lack of robust frameworks that provide comprehensive

interpretations across diverse multimodal systems. A

Unified XAl framework for most common architectural variants'
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3 Validation Studies

i Validation of the framework Healthcare: Medical Question-Answering?

across multiple multimodal domains to provide
more accessible results for all stakeholders
(users and developers).
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Expected explanation: Highlight significant regions in the image
' corresponding to key terms in the question, leading to pathological insights.
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